
  
Abstract—The main description of this paper is to explain about 

the flow chart of the tree structured data. The tree structured data 
consists of internal nodes and are described as attributes and the 
branches related to the tree are an outcome of the attributes. The leaf 
nodes of the tree represent the classes’ distributional methods. In 
every tree structured format the top node is considered as the root 
node. In general the sample of data retrieval is found by the attribute 
values of the sample which are tested against the tree decisional 
formats. The path is described from the root node to the leaf node 
which holds the prediction of the class of samples. In noted format 
the trees are converted very easily in to the classification solutions. 
This paper explains an algorithm for improving the knowledge of 
decisional tree structured formats. It is understood that the decisional 
trees reflecting the noise of outliers in many training structured data 
formalities. In such cases the tree pruning techniques removes the 
redundant branches to improve the classification efficiency for the 
unseen data in the databases. In many large databases for data 
retrieval operations the scalability issues are used for the induction of 
decision trees. In many data ware houses the integration of decisional 
making facilities are also examined and implemented such as data 
cubical methods. The mining methods of decisional trees are 
considered as multiple granularities and are used in many 
applications with a wide range from medicines to business theories. 
Basically these are the commercial ruling strategies for induction 
systems. The algorithm in this paper converts the tree induction 
methods in the form of a greedy algorithm, which constructs the 
decisional tree structured formats in to the recursion top down 
methods and divides and acquires mannerism. 
 

Keywords— samples, attributes, outliers, pruning, fragmentation, 
replication, gaining, prone.  

I. INTRODUCTION 
HE mining operations in the data bases are performed in 
the tree induction methods. The basic strategy starts with 

single node which represents the samples. If the samples 
belongs to the same class then it is considered as the node as a 
leaf node and named with the above class. The algorithm 
generally uses the method entropy which is the measure of the 
energy gaining in the form of heuristic function. The function 
is used for selecting the attributes which are the best in the 
given samples and its individual classes. The sampled 
attributes becomes the decisional making attributes at the 
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nodes. In the algorithm the attributes are characterized as 
discrete and continuous valued attributes. The branches are 
created for every tested attributes and the selected samples are 
separated according to the tested attributes. The algorithm in 
this paper uses the process of recursively to show the decision 
tree in the form of samples for every partition. The attributes 
are visible at each node and then it need not to be considered 
in any of the occurrences of the descendents.  The recursive 
procedures start only when the samples of the given leaf or a 
node belong to the same class in the tree structured format. 
When there are zero number of attributes for which the 
samples may be further spitted then the majority was 
employed. It involves the conversion of the given nodes in to 
the form of leaf and labeling them, with the class of majority 
samplings. In this process the class distributions of the 
sampling node must be stored. The operation is repeated for no 
samples in the branch are existed.  

II. ACCESS METHODS 
The tree induction methods are integrated with warehousing 

and mining techniques. The data samples of multi- 
dimensional approaches and their oriented attributes can be 
integrated with the tree induction. The order of interaction in 
multilevel mining should be an interactive and should be 
applicable in the form of learning. The data sample methods 
are integrated decision trees for interaction of multiple mining 
of decision tree formats. The knowledge which was stored in 
the hierarchal concepts are used to induce decision trees in 
different levels in the form of abstraction. Further, once the 
tree belongs to decision is derived, and then the hierarchal 
concepts are generalized in the form of individual nodes of the 
tree and allowing the attributes to roll up. The classification of 
data is done for the newly specified level of abstraction of data 
samples. The interactive section allows the users attention on 
the areas of the sampled trees for finding interesting things.  
Generally the orientation of attributes uses the conceptual 
hierarchies the data by replacing low level data with high level 
data. When integration is done with the decision tree 
induction, the generalization of low level concept can result in 
the quiet large and bushy tree structures. The very high 
concept level introduces the decision trees of little usage. The 
interesting and the very important concepts are lost due to over 
generalization features. The very interesting knowledge is to 
generate some intermediate concept level set by some domain 
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functionality and was controlled by a user specified thresholds. 
The attribute oriented results classification problems which are 
more understandable and easier to interpret which are obtained 
by from the methods of operating on un-generalized sets of 
data. The recursive methods results the data subsets to become 
so small for partitioning further may result to the significant 
basis. The size of the maximum data subsets can be 
statistically determined.  The exception threshold frequency is 
introduced to some portions of samples in a given subsets 
which is less than the threshold so that further partitioning of 
the subsets are halted. The leaf nodes were developed which 
stores the subset and distribution of classes of the subset 
samples. The large amounts of data and the diversity of data in 
the data ware houses and databases may not be reasonable to 
assume the leaf node which contains the samples belongs to 
the same class. The mining query language can be used to 
specify the decision tree induction method. The data mining 
query is to determine and to predict the risk of customers. The 
query is 

• Mine classification3 
• Analyze risk3 
• Relevance to income3 
• From customer3 
• Where (age3>= 40) 
• Display as rules3 

 

The query is executes the relational query of customers and 
to retrieve the relevant data. 

III. ACCESSING ON SELECTION 
The gaining measures of the data are selected by the test 

attributes at every node of the tree. The measures are attribute 
selection measures and the measures to split the goodness. The 
highest information residing in the attribute is chosen first as a 
test attribute for the present node. The choosing is similar to 
the entropy reduction of the attribute. The entropy attribute 
reduces the information which is needed to classify the 
samples in the partitions that are resulted in the least 
randomness and impure in the selected partitions. Such 
information generally minimizes the number of tested and 
classified object and has the minimum guarantee for the node 
to be found in the tree. The attribute selection measures are 

 

Selection measure: 
 

Let SS1 is a set which consists of ss1 data samples. The 
class labeled attributes is having mm1 different values by 
defining in mm1 distinct classes of Cii  where (ii = 1, 2,3,. . . . 
mm1).  

Let ssii   be the samples in number of SS1 of the Cii. The 
information which is expected for the given sample is stated by  

 
 
                                         mm 
II(ss1, ss2, ss3, …. ssm ) = ∑ ppi log2 (ppi) 
                                         ii=1 
Where, ppi is the probability of the arbitrary samples which 

are belonged to the class Cii and estimated by ssii / ss 
 The log function to the base 2 defines about the information 

that is encoded in the form of bits. The attribute AA may have 
the vv values (a1, a2…a3). The attribute AA is used to 
partition SS in to the vv subset of (SS1, SS2, SS3….SSv )  

 

Where, SSj containing only those samples in SS  which 
have the value of aj of AA. The AA is selected as a test 
attribute then the subsets corresponds to the branches grown 
from the node which contains the set SS. 

Let sij be the number of samples of the class Cii in the 
subset of SSj. The expected information by the partitions of 
the subsets by AA is shown as 

 

EE (AA) =  
∑ (s1j+s2j+---+smj/s) * II (s1j……smj) 
 

Where, (s1j+s2j+---+smj/s) acts as the weight of the jth 
subset and the number of samples of the subset and is divided 
by the total number of samples presented in the SS.  

The smaller entropy gives the greater purity of the subset 
partitions. 

Where, subset SSj is defined as 
 

II (s1j ….smj) = ∑ ppij log2 (ppij) 
 

Then 
 

Gain (AA) is II (s1, s2…sm) – EE (AA) 
 

The Gain (AA) is the reduction in the entropy caused by the 
value of attribute AA. The information gain of the attributes is 
chosen as the test attribute for the set SS. The node AA is 
created with the attribute and the branches are created for 
every attribute and the samples are partitioned.  

IV. PRUNING OF INFORMATION 
 

The decision tree which was built by many of the branches 
reflects the anomalies of the training data by the noise and 
outliers. The pruning methods will address the problems of 
over saturated fits of the data. These methods mainly uses the 
statistical measures removes the minimum reliable branches 
and results in faster growing classifications for the 
improvements of the tree. The tree structured is grown in an 
independent test data method. Generally the pre-pruning 
methods are decided for further clarification whether to split  
and the partition of the samples at a given node for training. 
The halting node becomes the leaf node. The leaf node holds 
the very most frequently repeated class in the subset samples 
and the probability distribution of these samples are 
determined. The construction of the tree gives the statistical 
information  of G2 and can be used to access the splitting 
goodness. The partitioning of the samples at anode resulted in 
splitting which falls below the specified threshold. The further 
splitting in the given subset is halted. High thresholds results 
in over simplified tree structures and low threshold results in 
simplifications. The other techniques which is used is post-
pruning technique which removes the branches from the grown 
up tree. The node is pruned by erasing the branches. The 
lowest pruned node becomes the leaf node and it named by 
most frequently used class among the branches. For every non 
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leaf node the algorithm calculates the error rate which will 
occur in the every sub tree at the place where node was 
pruned.  The expected error rate was calculated using the error 
rate at each branch. The error rate is the combination of 
weighting according to the observations and branches. The 
pruning of node leafs is greater than the expected error rate 
then the sub tree is kept as it is. Otherwise the tree is pruned. 
The process is repeated until it generates a set of progressively 
pruned trees and an independent test was used for to 
estimating the accuracy for every tree. The decision tree which 
minimizes the error rate is preferable. Instead of the pruning 
trees which are based on expected error rates. The prune trees 
are based on the number of bits to encode them. The tree 
which minimizes the number of bits is the best tree.  
 
 
 
 
 
            <=20               21to 41        >=41       
 
 
 
 
 
    no           yes                    good      bad 
 
 
 

 
Fig. 1 

 

The information and the knowledge can be extracted in the 
form of classifications of IF-THEN. The rule is started from 
each path from root to the leaf node. Every attribute is paired 
along the given path. The decision tree indicates whether a 
customer in the store is likely to purchase the computer. The 
internal non-leaf represents the test of the attribute and each 
leaf node is a class. The classification rules of the decision tree 
are converted to IF THEN rules from root node to the each 
leaf node of the tree. The rules extracting from the fig. 1 
 

If age = “<= 20 “and the men = “no” 
Then  
Purchase the computer = “no” 
 

If age = “<= 20 “ and the men = “yes” 
Then  
Purchase the computer = “yes” 
 

If age = “21…..40 “  
Then 
purchase the computer = “yes” 
 
If age = “>= 41” and rating = “good” 
Then  
Purchase the computer = “no” 
 

If age = “>= 41” and rating = “bad” 
Then  
Purchase the computer = “yes” 

 

The rules are well pruned by erasing the conditions of the 
antecedent which are not improved the estimated accuracies of 
the rules framed. The rules within the classes can be ranked 
with their estimated accuracy. If it is possible given test sample 
will not satisfy the rules of the antecedent, and by default the 
rules are assigned the major class which are typically added 
for rule sets. 

V.  MINING OF DATA 
The tree structure requires all the attributes which are to be 

categorical. The algorithms are easily modified for to allow the 
attributes which have the range of discrete as well as 
continuous values. The testing on such attributes of T resulted 
in two branches which corresponds to the conditions applied 
for T < V where V is the vector and also for T> V for the 
numeric values of V of the T. 

 

• If v values of T 
Then  
• v-1 possible splits for V 
 

• If the midpoints of each pair of adjacent values are taken 
in to consideration  

Then 
• The values are stored and one pass through the values 
 

The information gaining is the measure of the biased which 
tends to be a preferring of attributes with many more values. 
The alteration are also proposed like the gain ratio and 
considered the probability of achievements of attributes each 
value. The repeatedly splitting of data in the form of 
modularity of the tree induction methods is prone to the 
problem of fragmentation and replications. In this technique, 
the number of sampling of data at every branch smaller to the 
statistically is insignificant. The grouping of categorical 
attributes values is the best solution for such problems. The 
tree node is tested for the value of an attribute to a set of 
values of  

T ε {t1, t2, t3…….tn} 
 

The other alternative possibility is Boolean test on the 
attributes. It is noted that the binary tree which results the less 
fragmentation of the data. The studies revealed that the binary 
decision trees are more accurate compared to the traditional 
trees. The repetitions are performed only when the attribute is 
tested repeatedly along the tree. 

 

Algorithm 
 

Input:   The information to be identified 
 

Output: Binary decision tree. 
 

Steps 
1. Generate the node N 
2. If the information belongs to the particular class C then 
3. Return N as a leaf node 
4. The leaf node should belongs to the class C 
5. If attribute is empty 
6. Then 

Age of a 
person 

Men Rating 
Yes 

No Yes No Yes 
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7. Return N as a leaf node 
8. Select one attribute from the attribute list which have 

highest information gain 
9. Name the node  N with the attribute 
10.For value of ai of tested attribute 
11. Partition the information 
12.Growing the branch from node N 

   13.Let I be the data from the informational set where test    
attribute is ai. 

14.If I is empty then 
15.Attach a leaf labeled with respect to the class C 
16.Else 
17.Attach the node returned 
 

The percentage of information retrieval and the availability 
is shown in the chart1 
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Chart 1 

 

The availability of the information search is performed 
which is shown in the chart. If the replication occurs the 
duplicate sub tree which is existed will be notified in the tree. 
These situations are impeded the accuracy and 
comprehensibility of the tree. The features of the construction 
are an approach for preventing the redundancy which is the 
limited representation of the attributes that was improved by 
creating new attributes from the existing one. 

VI. CONCLUSION 
The decision tree algorithms have many restrictions about 

the training samples that reside in the main memory. In many 
data mining applications the training set have the millions of 
samples are in common. The restriction limits the scalability 
for many of the algorithms. The decision tree may become 
inefficient because of the interchanging of the samples from in 
and out of the main memory. The strategies of the decision 
trees from large databases and from very large databases may 
or may not have the continuous attributes at each node. The 
paper is not concentrated on the scalability of the attributes. It 
is requested the authors in future to take the scalability of the 

attributes for easy retrieval of information from the large data 
bases. The output should classify the accuracy as the single 
output by using the data at once.  
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